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PREDICTING SOIL ORGANIC CARBON IN AGROECOSYSTEMS UNDER CLIMATE CHANGE

Climate Change Impacts on Yields and Soil Carbon in Row Crop
Dryland Agriculture
Andy D. Robertson,* Yao Zhang, Lucretia A. Sherrod, Steven T. Rosenzweig, Liwang Ma, Lajpat Ahuja,
and Meagan E. Schipanski

A

groecosystem soils across the globe have experi-
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enced considerable erosion and organic matter losses
as crop productivity is often prioritized over soil health
(Govers et al., 2017). While declining soil organic matter (SOM)
is not a new concern (Stewart and Hirst, 1914), the potential for
agricultural soils to help mitigate climate change through soil
carbon (C) storage has renewed interest in SOM management
(Paustian et al., 2016; Powlson et al., 2016). Management practices that align with the tenets of conservation agriculture (i.e.,
minimizing soil disturbance, increasing soil cover, and increasing crop diversification) have been shown to build and maintain
SOM, while also maintaining agronomic yields (Knowler and
Bradshaw, 2007; García-Torres et al., 2013).
Globally, semiarid regions constitute between 15 and 20% of
the Earth’s land surface and are home to nearly a billion people
(Bot et al., 2000; Reynolds et al., 2007). Most agricultural land
in these regions is not irrigated due to scarce water sources, and
dryland, nonirrigated, agriculture is the dominant agricultural
management system. To cope with uncertain and scarce precipitation, dryland farming in North America has historically implemented tilled, bare fallow periods to accumulate rain water in
the soil for the next crop. With the advent of no-till agriculture,
these fallow periods are increasingly maintained without living
vegetation through the application of herbicides rather than
tillage. However, studies show that the 14-mo fallow periods
(herein referred to as summer fallow) common between dryland
winter wheat (Triticum aestivum L.) crops in North American
agroecosystems can store a maximum of 40% of the precipitation received during the year even under no-till management
(Peterson et al., 1996). While this summer fallow stabilized
yields, it also reduced soil quality and C stocks (Rasmussen et
al., 1980; Peterson et al., 1993). In the Great Plains, 40 yr of cultivation with a winter wheat–fallow (WF) rotation reduced soil
organic C (SOC) by 41, 34, and 25% in 0- to 15-, 15- to 30-,
and 30-to 45-cm soil layers, respectively, relative to uncultivated
soils (Haas et al., 1957). Hence, the fallow periods maintained

Dryland agroecosystems could be a sizable sink for atmospheric
carbon (C) due to their spatial extent and level of degradation,
providing climate change mitigation. We examined productivity
and soil C dynamics under two climate change scenarios
(moderate warming, representative concentration pathway [RCP]
4.5; and high warming, RCP 8.5), using long-term experimental
data and the DayCent process-based model for three sites with
varying climates and soil conditions in the US High Plains. Each
site included a no-till cropping intensity gradient introduced
in 1985, with treatments ranging from wheat–fallow (Triticum
aestivum L.) to continuous annual cropping and perennial grass.
Simulations were extended to 2100 using data from 16 global
circulation models to estimate uncertainty. Simulated yields
declined for all crops (up to 50% for wheat), with small changes
after 2050 under RCP 4.5 and continued losses to 2100 under
RCP 8.5. Of the cropped systems, continuous cropping had the
highest average productivity and soil C sequestration rates (78.1
kg C ha-1 yr-1 from 2015 to 2045 under RCP 4.5). Any increase in
soil C for cropped rotations was realized by 2050, but grassland
treatments increased soil C (up to 69%) through 2100, even
under RCP 8.5. Our simulations indicate that reduced frequency
of summer fallow can both increase annualized yields and store
more soil C. As evapotranspiration is likely to increase, reducing
fallow periods without live vegetation from dryland agricultural
rotations may enhance the resilience of these systems to climate
change while also increasing soil C storage and mitigating carbon
dioxide emissions.

Core Ideas
• Soil C sequestration rates increased with cropping intensity.
• Water-limited systems will see increased yield losses under climate change.
• Intensive systems retained soil C but with more variability under climate change.
• Grasslands are likely to sequester more soil C than annual cropping systems.
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without living vegetation, as used in the semiarid systems
described in this study, can have opposite effects on SOC to
the fallow periods that allow natural revegetation to restore soil
nutrients and SOC, as is often defined in humid, tropical systems
(Szott et al., 1999).
Many studies have evaluated the precipitation use efficiency
(PUE) associated with different management strategies in dryland agroecosystems (Peterson et al., 1996; Nielsen et al., 2005;
Deng et al., 2006; Sherrod et al., 2014), with a focus on maximizing crop production. For example, Peterson and Westfall
(2004) reported that replacing summer fallow with crops can
double crop residue production and increase annualized grain
yields relative to WF. Research that centers on improving SOM
in these systems is less common (cf. Sherrod et al., 2003), even
though yields and soil C are intrinsically linked through the
positive association between SOM and soil quality (e.g., buffering capacity, nutrient retention, soil water holding capacity,
enhanced aggregation/soil structure, and support for biological functions/communities (Wall and Bardgett, 2012)). Due to
these feedbacks, it is important to include an assessment of both
SOC and crop production when evaluating a given management
strategy (Halvorson et al., 2002; Sainju et al., 2009), especially
when evaluating potential system responses to climate change.
The increased temperatures and altered precipitation patterns
associated with climate change are predicted to have severe consequences for yields (Zhao et al., 2017) and SOM (Thomson et
al., 2006); this may be especially true in dryland agroecosystems
already facing the constraints of water limitation (Huang et al.,
2016). However, due to the positive association with nutrient
retention and water holding capacity, soils with a higher SOM
content can be more resilient to the impacts of climate change
such as increased droughts (Letter et al., 2003). Consequently,
while maximizing yields will always remain a producer’s priority, there are longer-term agricultural benefits associated with
increasing SOC as well. One management option shown to
both build SOM and enhance row crop production in North
American, semiarid regions is increased cropping intensity (i.e.,
reduced time in summer fallow) (Sherrod et al., 2003; Campbell
et al., 2005; Sherrod et al., 2014). However, the performance of
these intensified cropping systems in the face of climate change
is unclear. Using ecosystem models validated by long-term data,
predictions can be made about optimal crop selection and management options given expected climate change.
Dynamic ecosystem models use site and management input
data to predict how pools of an element will change over time;
most focus on carbon and nitrogen dynamics (e.g., Rosenzweig
et al., 2013; Vereecken et al., 2016). In recent years models have
been used to predict the interaction between climate change
and agriculture, reporting impacts on crop yields (Deryng et
al., 2011; Tatsumi et al., 2011; Rosenzweig et al., 2014), soil C
stocks (Parton et al., 1995; Jones et al., 2005; Thomson et al.,
2006) and greenhouse gas (GHG) emissions (Lee and Six, 2010;
Valin et al., 2013) under varying land management options and
climate change scenarios. However, few studies specifically focus
on SOM in nonirrigated dryland agroecosystems (although
see Paustian et al., 1996; Thomson et al., 2006). With growing
populations dependent on agriculture in water-limited regions
(Reynolds et al., 2007; FAO, 2008; Huang et al., 2016), there is a
growing need to improve predictions of climate change impacts
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to these systems. Furthermore, since SOM is integral to soil
health and, ultimately, crop productivity (Allison, 1973; Reeves,
1997; Pan et al., 2009), modeling efforts need to ensure accurate
responses of SOM to different management practices. Although
process-based ecosystem-scale models are simplified abstractions
of the complex feedbacks between SOM, plant growth, and climate, they also provide us with the most reliable predictions of
how we can manage agroecosystems to build and maintain SOM
while ensuring viable crop yields in the face of climate change.
Using both measured and modeled data, we aimed to identify how reduced summer fallow impacts soil C sequestration in
dryland agroecosystems responding to the forecasted changes in
climate. To achieve this aim we addressed two main objectives:
(i) to quantify C inputs to topsoil (0–20 cm) under no-till (NT)
dryland agroecosystems with different cropping intensity, and
(ii) to determine how climate change and cropping intensity
will interact to influence net changes in SOC over the coming
century. Simulating three sites across Colorado, the DayCent
process-based model was calibrated and validated using 24 yr of
measured yield data (1985–2009) from four major crops (winter
wheat; corn [Zea mays L.]; grain sorghum [Sorghum bicolor (L.)
Moench]; and millet [Panicum miliaceum]) and used to predict
C inputs to soils below different cropping systems. Using this
calibration, we estimated changes in grain and stover yields from
each of the crops as the climate changes over the 21st century.
The simulated changes in total topsoil C stocks were used to
determine net soil C sequestration rates beyond the present day
under two different climate change scenarios, moderate warming (representative concentration pathway [RCP] 4.5) and high
warming (RCP 8.5). We hypothesized that as temperatures
increased, crop yields would decline and soil decomposition
would increase, generally reducing SOC as the century progressed. However, increased cropping intensity would also result
in increased C inputs to the soil per unit time and therefore promote net C sequestration.

Materials and Methods
Study Sites and Historical Management
Three experimental sites were initiated in 1985 to evaluate
different dryland, NT cropping systems in eastern Colorado.
This Dryland Agroecosystem Project included gradients of (i)
evapotranspiration (ET) between three sites (Sterling, CO
[low]; Stratton, CO [medium]; Walsh, CO [high]), (ii) soil conditions at three catena positions at each site (summit, sideslope,
toeslope), and (iii) crop intensity at each site ranging from fallow
every other year to continuous cropping (see Supplemental Fig.
S1). Further details of the experimental design and rationale can
be found in Peterson et al. (1993) and Sherrod et al. (2014).
Basic site information is summarized in Supplemental Table S1,
and further information is presented in Sherrod et al. (2014).
All three locations were initially (pre-1900) shortgrass steppe
that makes up most of the North American Great Plains. Fire
and grazing are known to have played a central role in forming
the shortgrass steppe (Wells, 1970; Anderson, 2006), likely
maintaining this vegetative regime until human intervention
(Axelrod, 1985). When the experiment began in 1985, the sites
had been in a conventional, tilled WF rotation for at least 50 yr,
but the exact date that cultivation began is unknown.
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Model Initialization and Initial Parameterization

Each experimental site ceased tillage in 1985, and comparative NT treatments were initiated. Treatments varied the
amount of time in summer fallow, including WF, wheat–corn–
fallow (WCF), wheat–corn–millet–fallow (WCMF), and continuous opportunity cropping (CC), where summer fallow was
eliminated and each year a crop was chosen according to market
demands. In order of frequency, corn, grain sorghum, wheat,
millet, sunflower (Helianthus annuus L.), Austrian winter pea
(Pisum sativum L.) and soybean [Glycine max (L.) Merr.] were
grown in the CC rotation between 1985 and 2009 (Supplemental
Table S2). The WCF and CC treatments have remained consistent since 1985, but the WF and WCMF treatments used from
1985 to 1997 were changed to wheat–corn–millet (WCM) and
wheat–wheat–corn–millet (WWCM) between 1998 and 2009,
respectively. At the site furthest south (Walsh), all instances of
corn in the WCF, WCMF, WCM, and WWCM treatments
were replaced by grain sorghum. Two replicates of all entry
points of the rotations are present at each site, equaling a total of
20 cropped strips per location (i.e., 2× wheat–fallow, 2× fallow–
wheat, etc.). Detailed timeline management information of the
rotations at each site is provided in Supplemental Fig. S1 and
Supplemental Table S2.
In addition to the rotations of increasing cropping intensity (where 0 = 0% of years cropped and 1.0 = 100% of years
cropped [i.e. no summer fallow]; WF, 0.5 intensity; WCF, 0.67
intensity; WCMF, 0.75 intensity; WCM/WWCM/CC, 1.0
intensity), a perennial grass treatment was established in spring
1986 with a seed mixture representing the major USDA Farm
Service Agency Conservation Reserve Program species at the
time. Starting in 1990, these grass strips were harvested to represent moderate grazing that would occur on native plains of
this type.
Fertilizer nitrogen and phosphorus were applied to all
cropped rotations at planting according to soil tests performed
at each site. See Supplemental Material for further information.

The DayCent model (Parton et al., 1998; Zhang, 2016; see
Supplemental Material) was initialized assuming native grassland at all sites until 1900, followed by tilled WF systems up to
1985, where predicted yields were matched to those measured
by published studies during this time (Rasmussen and Parton,
1994; Schillinger and Papendick, 2008). To ensure the model
accurately reflected soil C stocks at each site, the predicted
values were compared with 1986 measurements. Initially, two
of the simulated sites overpredicted the soil C stocks (by up
to 20%), so the productivity of the native grasses grown (until
1900) at each site was reduced to match measured data (model
parameter PRDX reduced from 0.065 to 0.03 at Stratton and
0.02 at Walsh—grassland productivity estimates were still well
within measured ranges for the semiarid High Plains). While C
saturation dynamics (Six et al., 2002; Stewart et al., 2007) are
not explicitly represented by the model, this was not considered
a concern at our sites given their level of saturation deficit (see
Supplemental Material). Due to different measured soil conditions of the slope positions at each site (Supplemental Table S1),
each was simulated as a unique location nested within site (n =
9). Weather data for the model was derived from the PRISM
dataset of 1980 to 2010 daily temperature and precipitation
values specific to the coordinates of each site (PRISM Climate
Group, 2015).

Experimental Sampling
Crop yields and total aboveground biomass were collected
from each site, slope, and strip each year. Aboveground grain and
stover biomass was corrected for moisture and determined for all
unique locations for the experimental period of 1985 to 2009.
Soils at all locations (strips, slopes, and sites) were sampled
twice during the initial 24-yr experimental period (spring 1986
and fall 1997) as well as once in fall 2015 to provide an additional time point for comparison to model-simulated values.
Soils were sampled to 20-cm depth, divided and composited
into four increments (0 to 2.5 cm, 2.5 to 5 cm, 5 to 10 cm,
10 to 20 cm), processed, and analyzed for SOC as described
in Sherrod et al. (2002). Bulk density measurements were collected for each site, slope, and strip combination (n = 198) for
each depth increment in 1989, 1997, 2005, and 2009, with no
significant change after 1997. Consequently, soil C stocks of
1986 were calculated using 1989 bulk density measurements
and stocks of 1997 and 2015 were both calculated using 1997
bulk density measurements.
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Calibration and Validation of Experimental Crop
Rotations
To ensure DayCent simulated C inputs to the soil accurately,
annual aboveground biomass production was compared with
measured yield data from each site. This consisted of modifying key crop production parameters (Supplemental Table S3)
using two steps: (i) independent calibration and (ii) site-specific
calibration (see Supplemental Material for more information).
After new crop production parameter values were set, each slope
position (n = 3) of each rotation treatment (including grass, n
= 11) of each site (n = 3) was simulated individually from 1985
to 2009 using management information (crop type, fertilizer
amount, planting date, and harvest date). To replicate the experimental design and allow direct comparison to measured data, the
WF and WCMF strips were changed to WCM and WWCM,
respectively, for the duration of the second 12-yr experiment
phase (i.e., 1997–2009).

Simulation of Climate Change Scenarios to 2100
Simulations of each unique slope, rotation treatment, and site
(n = 99) were extended from 2009 to 2100, switching the experimental rotations back to those initiated in 1985 (WF, WCF,
WCMF, CC, and grass; Supplemental Fig. S1). These were
deemed to represent a better cropping intensity gradient (0.5
to 1.0) than the alternatives used from 1997 to 2009. Post-2009
simulations of WF, WCF, and WCMF applied the same management to those between 1985 and 1997 using average planting
and harvest dates for each crop at each site. To ease comparison
between rotations, no sorghum was simulated beyond 2009, preferring corn as a better parameterized crop option. The CC strips
were changed to continuous winter wheat to represent a rotation
with the maximum intensity (i.e., minimum time in summer
Journal of Environmental Quality

fallow). While not a realistic management practice, the use of
a continuous wheat rotation as the CC treatment meant that
predicted estimates of soil C sequestration were the most conservative and susceptible to climate change. All future simulations applied as much fertilizer as demanded by crop growth and
therefore removed nutrient limitation on biomass production.
Daily weather input data required to run the future simulations were derived for two RCP scenarios from up to 16 global
circulation models (GCMs) that are available from the USGS
Geo Data Portal (USGS, 2016). The RCP scenarios inform climate models by making assumptions about global radiative forcing in the year 2100 compared with preindustrial levels; a limit
of 4.5 W m-2 is assumed by RCP 4.5, with GHG emissions peaking in 2040, whereas global radiative forcing in 2100 is assumed
to be 8.5 W m-2, with no limits to GHG emissions. For reference, global radiative forcing in 2016 was 1.985 W m-2 (Butler
and Montzka, 2017). Site-specific data downloaded (maximum/
minimum temperature, maximum/minimum relative humidity,
precipitation, eastward wind, northward wind, and downward
shortwave solar radiation) were statistically downscaled to 1/24
degree resolution using the Multivariate Adaptive Constructed
Analogs (MACA) method (Abatzoglou, 2013) and were based
on GCMs from the Coupled Model Intercomparison Project
phase 5 (CMIP5) that report both RCP 4.5 and RCP 8.5 climate change scenarios. Where a single GCM had considerable
gaps (>30 d) in the essential weather input data for a single site,
it was not used beyond that time point. Each unique location
and rotation treatment was simulated with data for each RCP
scenario from each GCM (total n = 3168) from 2009 to 2100.
Since the main objective of this study was to generalize the
impacts of cropping intensity on SOM dynamics over semiarid
regions, the slopes, different entry points to each rotation treatment, and GCMs were used to quantify 95% uncertainty bands
for model outputs of interest.

Data Processing and Statistical Analysis
All measured and modeled data were statistically analyzed
using R version 3.4.0 (R Core Team, 2017). Measured crop yield
data between 1985 and 2009 were checked against the USDA
National Agricultural Statistics Service (NASS) yield data
(USDA, 2016) reported for nonirrigated cropping in Colorado
between 1980 and 2010 (Supplemental Table S4). To annualize
both measured and modeled grain and stover yield data by rotation (i.e., cropping intensity), normalized values were calculated
on the basis of the average measured yields of each crop within
each site within each 12-yr experiment phase. This normalizing
was not applied to estimates of C inputs. To compare modeled
with measured data, simulated yields were converted from grams
of C per square meter to kilograms of biomass per hectare by
assuming a C content of 45% for grain and 43% stover of all
crops (Latshaw and Miller, 1924; Thomsen and Christensen,
2004). This represented the averages of measured data collected
over all crops at all sites between 1985 and 2009, and using
higher or lower C content (between 40 and 47%) had no significant impact on our findings.
Since the objectives of this study were to generalize over
nonirrigated agroecosystems in a semiarid region, averages
were calculated over all sites, slopes, and strips. Standard errors
were used to estimate uncertainty of measured averages, and
Journal of Environmental Quality

the uncertainty of model averages was estimated using 95%
confidence intervals around all available data; before 2009, this
meant sites, slopes, and strips, and after 2009 the weather data for
each GCM was also used to quantify 95% uncertainty bands for
each RCP scenario.
Model estimates of the proportion of C inputs retained in
the soil were used to calculate the net sequestration efficiency
of each cropping intensity treatment between 1985 and 2100.
Starting from 1985, the C inputs to the soil of each treatment
were cumulated and the change in soil C stock compared with
1985 levels, therefore providing a metric to compare changes
in soil C stocks while accounting for differences in C inputs.
Estimates of measured and modeled soil C sequestration rates
between 1985 and 2015 were calculated using regression analysis applying linear mixed effect models accounting for site as a
random effect (lme function within the nlme package; Pinheiro
et al., 2017). Sequestration rates could not be calculated for the
WF or WCMF treatments between 1985 and 2015 due to the
change in rotation over the second 12-yr phase. Model sequestration rates were also calculated using the same procedure for three
30-yr periods (1985–2015, 2015–2045, and 2045–2075). See
Supplemental Material for more information about the modeling techniques used and statistical procedures.

Results and Discussion
This study addressed the issue of how to build and maintain
soil C stocks in dryland agroecosystems while also maintaining
viable yields. Overall, the highest annualized crop yields and C
inputs to the soil were measured and modeled in the most intensively cropped treatments (i.e., those with least time in summer
fallow). This resulted in higher soil C stocks (0–20 cm) and more
net sequestration under both moderate (RCP 4.5) and extreme
climate change scenarios (RCP 8.5).

Measured and Modeled Yields and Soil Carbon,
1985–2009
Crop yields normalized for cropping intensity showed that
the treatments with least time in nonvegetated fallow had the
highest annualized grain and stover yields (Table 1). While
summer fallow is still commonly used across the region (Hansen
et al., 2012), our experimental data agree with recent literature
indicating that annualized grain yields can be highest in more
diverse and intense crop rotations (Peterson et al., 1998; Schlegel
et al. 2017). Furthermore, replacing fallow with forage crops can
improve PUE and profitability (Nielsen et al., 2017). The trends
in crop yields were consistent with changes in SOC (Fig. 1). The
more intensively cropped rotations also reported the highest soil
C gains.
Overall, measured and modeled values of yields (RMSE
= 1689 kg ha-1) and SOC (RMSE = 4.40 t C ha-1) were well
matched across the range of treatments within sites with varying
topography and soil texture (Table 1; Fig. 1a). Similarly, measured and modeled crop yields were similar to Colorado-wide
averages reported by NASS from 1985 to 2009 (Supplemental
Table S4; USDA, 2016). Slight discrepancies included the
model typically overestimating millet yields (up to 20%) at the
high ET site (Walsh) and the model’s inability to maintain high
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Table 1. Average measured and modeled annualized grain and stover yields ± 1 SE normalized for crop type within each site and rotation phase
between 1985 and 2009.

Grain

Measured
Modeled

Stover

Measured
Modeled

WF†
WCF
WCMF†
WCM†
WWCM†
CC
——————————————————— kg dry biomass ha-1 ———————————————————
1100 ± 40
1410 ± 40
1750 ± 50
1910 ± 100
1730 ± 60
2130 ± 90
n = 36
n = 108
n = 72
n = 36
n = 72
n = 36
1230 ± 50
1480 ± 30
1940 ± 50
1940 ± 70
1860 ± 60
1680 ± 60
n = 18
n = 54
n = 36
n = 18
n = 36
n = 18
1540 ± 60
1860 ± 60
2410 ± 70
2450 ± 150
2250 ± 80
2710 ± 160
n = 36
n = 108
n = 72
n = 36
n = 72
n = 36
1550 ± 50
1870 ± 40
2440 ± 40
2710 ± 70
2490 ± 50
2840 ± 130
n = 18
n = 54
n = 36
n = 18
n = 36
n = 18

† Cropping intensity treatments (0.5 = 1 year of fallow in every 2, 1.0 = no fallow years): 0.5 (wheat–fallow [WF]), 0.66 (wheat–corn–fallow [WCF]), 0.75
(wheat–corn–millet–fallow [WCMF]), and 1.0 (wheat–corn–millet [WCM]; wheat–wheat–corn–millet [WWCM]; continuous [nonmonoculture] cropping [CC]). WF and WCMF treatments were only present in the first rotation phase (1985–1997); WCM and WWCM treatments were only present in the
second rotation phase (1997–2009).

Fig. 1. Soil carbon stock model validation against (a) measured data and (b and c) simulated carbon dynamics for four treatments of increasing
cropping intensity (wheat–fallow [WF], 0.5; wheat–corn–fallow [WCF], 0.66; wheat–corn–millet–fallow [WCMF], 0.75; continuous [nonmonoculture] cropping [CC], 1.0) and grassland across a semiarid region of Colorado. (a) Loess-regression with 0 intercept comparing measured and
modeled topsoil (0–20 cm) C stocks (t C ha−1) averaged over three slope positions at each of three sites, collected in 1986, 1997, and 2015. WCMF
does not include 2015 data. 1:1 dotted black line shown in addition to mean absolute error (MAE), absolute RMSE in t C ha−1, as well as the coefficient of determination (R2), and number of observations (n) given for each treatment. (b) Changes in measured (points ± 1 SE) and modeled
(lines ± 95% CI) average topsoil (0–20 cm) C stocks (t C ha−1). (c) Changes in modeled total annual C inputs ± 95% CI (t C ha−1 yr−1) between 1980
and 2100. From 2010 to 2100, weather inputs from two climate change scenarios (RCP 4.5, solid blue; RCP 8.5, dashed red) are simulated by using
up to 16 global circulation models. WF and WCMF treatments were changed to wheat–corn–millet (WCM) and wheat–wheat–corn–millet (WWCM)
between 1997 and 2009, respectively (shown by dashed vertical lines).
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grain yields in the CC treatment, despite slightly overpredicting
stover yields (Table 1).
Model predictions of SOC dynamics after conversion to NT
practices in 1985 suggested increased topsoil (0–20 cm) C stocks
in all treatments, while measurements showed consistent gains
in only the CC and grass treatments (Fig. 1b). This is likely due
to processes not simulated by the model, such as residues being
transported off site by heavy rainstorms or high winds that can be
particularly influential in dryland agriculture (Miner et al., 2013;
Plaza-Bonilla et al., 2015). Furthermore, current model parameterization still reflects an older consensus that NT practices will
quickly accumulate C in surface soils. The changes made to the
model’s CLTEFF parameters by our methods (see Supplemental
Material) begin to address this limitation, but further studies
are required to accurately parameterize the many mechanisms
that influence both C incorporation and decomposition rates,
beyond those caused by tillage.
Between 1985 and 2015, the model predicted a higher
sequestration rate for the WCF treatment compared with measurements where the rate of change was not different from 0 kg
C ha-1 yr-1 (Table 2). Measured results show that topsoil (0–20
cm) C sequestration rates of the CC treatment were not different
than those of the grass treatment. This suggests that continuously
cropped rotations can have a similar C sequestration potential
to that of native grassland, at least in the top 20 cm. While the
change from conventional tillage to NT practices may confound
changes due to increased cropping intensity, a global analysis by
West and Post (2002) suggested that most impact of tillage on C
sequestration rates is seen within the first 10 yr after conversion.
In our study, these rates appeared mostly linear for the full 30 yr
and differed by cropping intensity. Furthermore, our overall rates
agree with the global average of West and Post (2002), where an
increase in cropping intensity was shown to increase soil C stocks
in topsoils (0–22 cm) by 150 ± 110 kg C ha-1 yr-1.

Climate Change Impacts on Dryland Agricultural
Rotations, 2009–2100
All GCMs predicted an increase in average annual temperatures, suggesting anywhere between a 1 and 8°C rise by the end
of the 21st century, depending on the site and climate change
scenario (Supplemental Fig. S2). In general, the RCP 8.5 scenario had higher average air temperatures than RCP 4.5; however, most of this difference was realized after 2050. In 2050, the

regional average air temperature of simulations under RCP 8.5
was only 0.4°C higher than under RCP 4.5 (13.5 and 13.9°C),
but by 2100 the difference had increased to 3.2°C (14.0°C for
RCP 4.5 and 17.2°C and RCP 8.5). For reference, the average
regional air temperature in 2010 was 11.8°C. Variation in annual
precipitation between GCMs was large (Supplemental Fig. S2),
but on average predictions suggested a small increase compared
with historic amounts at all sites and regardless of RCP scenario.
Overall, the forecasted changes to climate had a detrimental
impact on both yields and soil C over the 21st century. While
grassland appeared most resilient to changes in temperature and
precipitation, all cropped rotations saw limited soil C accumulation and only the continuously cropped (CC) treatment was
predicted to have more SOC (0–20 cm) in 2100 than in 2010,
and only for the RCP 4.5 scenario (Fig. 1b). The RCP 4.5 scenario consistently reported higher soil C stocks than RCP 8.5;
however, the differences were very small for grassland.

Crop Productivity and Soil Carbon Inputs under Climate Change
Corn, wheat, and millet all saw a decrease in yields relative to the average grain and stover measurements taken before
2009 (Supplemental Table S5). Total aboveground wheat yields
declined to approximately 37% lower under RCP 4.5 and 50%
lower under RCP 8.5 in 2100 than measured yields between 1985
and 2009 (Supplemental Fig. S3). Although our simulations did
not account for any potential CO2 “fertilization” effects, the predicted yield decline is comparable to those reported by Asseng
et al. (2013) and Challinor et al. (2014). As a C3 crop, wheat
is likely to be susceptible to the increased drought stress caused
by the higher ET rates predicted by climate change. However, in
a nonirrigated dryland cropping system, the changes in stomatal conductivity associated with the increased atmospheric CO2
concentrations may help reduce drought stress and even increase
PUE (Fischer et al., 1998; Yang et al., 2016). Similarly, recent
developments in understanding breeding strategies and genetic
engineering that can provide drought tolerant crop cultivars
(Yang et al., 2010, Rauf et al., 2016) is beginning to show promise
in helping producers adapt to climate change and improve yields
(Thierfelder et al., 2016). These cultivars may also be designed
around producing increased root biomass to access available soil
water, adding the potential co-benefit of increased C inputs to
soil (e.g., Advanced Research Projects Agency-Energy, 2016).

Table 2. Average topsoil (0–20 cm) C sequestration rates ± 1 SE for four cropping treatments and one grassland over three 30-yr periods, calculated
using mixed-model linear regressions with site as a random factor. Positive rates are in bold type. Measured regressions use data from three time
points (1985, 1997, and 2015) and modeled regressions use annual time points.
Treatment

WF
WCF
WCMF
CC
Grass

1985–2015
Measured
Modeled

2015–2045
RCP 4.5

2045–2075
RCP 8.5

RCP 4.5

RCP 8.5

————————————————————————— kg C ha-1 yr-1 —————————————————————————
–†
0 ± 2 NS
-12 ± 2.4 ***
-34 ± 3 ***
-59 ± 3 ***
37 ± 46 d NS‡
105 ± 4 c ***
6 ± 2 **
-6 ± 2.1 **
-32 ± 2 ***
-62 ± 2 ***
–†
0 ± 2 NS
-12 ± 1.8 ***
-35 ± 2 ***
-69 ± 2 ***
159 ± 49 ab ***
155 ± 6 b ***
78 ± 4 ***
48 ± 4.4 ***
-25 ± 5 ***
-63 ± 5 ***
251 ± 67 a ***
208 ± 7 a ***
128 ± 4 ***
127 ± 4.2 ***
85 ± 4 ***
76 ± 4 ***

** Significance of difference to a rate of 0 kg C ha−1 yr−1 at the 0.01 probability level.
*** Significance of difference to a rate of 0 kg C ha−1 yr−1 at the 0.001 probability level.
† Rates could not be calculated for WF and WCMF before 2015 due to treatments changed to WCM and WWCM between 1998 and 2009.
‡ Letters signify where treatments are significantly different to one another (1985–2015 only); p < 0.01.
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While corn and millet, both C4 crops, are also predicted to see
losses by 2100, the worst of these are only seen under the RCP
8.5 scenario (Supplemental Table S5; Supplemental Fig. S3). For
example, average corn grain yields between 2082 and 2093 are
estimated to be 2550 or 1650 kg ha-1 under RCP 4.5 or RCP
8.5, respectively (11 and 43% reductions compared with average grain yields measured between 1985 and 2009). The use of
a single set of parameter values for millet over the whole region
likely meant underestimated yields, particularly under the RCP
8.5 scenario. That said, issues with millet yields and C inputs
affect only the WCMF treatment after 2009, and also only 1 in
every 4 yr. Model sensitivity analysis results indicate that changes
in aboveground productivity are mostly due to changes in temperature, particularly for wheat cropping at locations with a high
initial ET (Supplemental Fig. S4). This explains the large differences between yields under RCP 4.5 and RCP 8.5 as the two climate change scenarios mainly differ in the extent of temperature
rise after 2050 (Supplemental Fig. S2 and S3). A similar study
in the same region predicted similar declines in wheat and corn
yields under climate change, with temperature predicted to be
the biggest driver of losses but with increased atmospheric CO2
concentrations offsetting some of the decline (Ko et al., 2012).
This may have particular relevance when comparing RCP 4.5
with RCP 8.5 as emissions peak in 2040 in the former and have
no limit in the latter.
The tipping point around 2050 was also noted in changes
to soil C inputs, paralleling the changes in yield for the different crops (Fig. 1c). An exception to this was C inputs under
grassland where the RCP 8.5 scenario resulted in no discernible change and the RCP 4.5 scenario actually increased annual
inputs by 0.07 t C ha-1. This is likely due to continuous growth
and favorable root/shoot ratios, providing more opportunity for
the grass treatment to input C to the topsoil. Few studies examine just the topsoil of nonirrigated dryland regions specifically,
but the estimates of C inputs to a nonirrigated WF system by
Kong et al. (2005) are in line with our own (~1 t C ha-1 yr-1).
Put in the context of the different treatments, annual C inputs
from both aboveground and belowground sources were highest
for those with the highest cropping intensity. The CC treatment
added ~2.1 t C ha-1 yr-1 at the beginning of the future simulations and between 1.7 (RCP 4.5) and 1.4 t C ha-1 yr-1 (RCP 8.5)
at the end of the century. By contrast, inputs to the WF treatment on average decreased from 1.3 t C ha-1 yr-1 in 2010 to
1.0 (RCP 4.5) or 0.8 t C ha-1 yr-1 (RCP 8.5) by 2100 (Fig. 1c).
While the differences in average annual C input were relatively
small, the full range between best- and worst-case scenarios given
the different simulated soil and climatic conditions showed considerable variation by 2100, especially for the CC treatment (Fig.
1c). Cumulative C inputs from 1985 to 2100 were predicted to
be anywhere between 67 and 335 t C ha-1 (Supplemental Table
S6). This variability was mainly caused by the difference between
the climate predictions as the model is sensitive to temperature
and precipitation patterns influencing how much ET occurs in
fallow periods and therefore how much water is available for
crop growth.

Decomposition and Soil Carbon Outputs under Climate Change
Reduced C inputs under climate change are compounded by
an increase in SOM decomposition under higher temperatures.
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In the DayCent model, the influence of temperature and moisture on decomposition is summarized by the DEFAC parameter. Throughout all simulations, there was a general correlation
between a high DEFAC value (i.e., climate conditions increasing decomposition) and SOM losses. Over the first half of the
century, those treatments with fallow years (WF, WCF, and
WCMF) saw the greatest increase in decomposition, but by 2100
the DEFAC value had risen by up to 60% for all cropped treatments. Climate impacts on the DEFAC value under grassland
remained unchanged between 2010 and 2100; this was reflected
in model estimates of heterotrophic soil CO2 emissions. The
model sensitivity analysis indicated that under grassland rotations, ~80% of the variability in soil CO2 emissions were due to
changes in precipitation and not temperature (Supplemental Fig.
S4). Although total precipitation was forecast to increase under
both RCP 4.5 and RCP 8.5 at all sites, the changes in temperature were much more extreme (Supplemental Fig. S2), therefore
explaining limited changes in decomposition below grassland.
Conversely, the sensitivity analysis indicated that heterotrophic
soil CO2 emissions under cropped rotations were affected more
by temperature than by precipitation. This was particularly true
for low-intensity rotations (i.e., WF and WCF) at Walsh where
initial ET was highest (Supplemental Fig. S4). As a result, heterotrophic soil CO2 emissions from the cropped treatments
increased steadily relative to C inputs between 2010 and 2100,
especially for low-intensity rotations under RCP 8.5.
Our results agree with other studies that examine changes
in soil C stocks as they respond to climate change, despite some
potential methodological limitations (Meersmans et al., 2016;
Wiesmeier et al., 2016). While our study focused on topsoil C
stocks, recent evidence suggests that potential C losses in topsoil
may be somewhat offset by gains in deeper soil layers (MuñozRojas et al., 2017). This study does not account for deeper layers,
but we assume that changes to soil C below 20 cm are similar
in relative magnitude for all cropped treatments and therefore
that the changes in topsoil C are still informative. Furthermore,
we did not account for C losses resulting from erosion, which
can be high for dryland regions (Nordstrom and Hotta, 2004;
Delgado et al., 2013) and can offset C sequestration of the whole
soil profile by up to 400 kg C ha-1 yr-1 depending on initial SOC
(Lugato et al., 2016). The model also does not represent more
recent understandings of mechanisms that drive soil C dynamics and C stabilization. A more mechanistic model structure is
needed to reliably simulate how decomposition of individual
C fractions will respond to climate change, given that certain
C compounds and their bonds with mineral surfaces can vary
in sensitivity to changes in temperature and crop management
(Plaza-Bonilla et al., 2014; Bradford et al., 2016).

Sequestration Rates and Soil Carbon Retention under Climate Change
The temporal shifts of crop productivity and decomposition in response to climate change represent the major processes
that balance C inputs and outputs to the soil. This results in different amounts of C retained by the different crop rotations.
Due to high C inputs and low decomposition rates between
1985 and 1997 (relative to those after 2050), C retention rates
started high and then were predicted to diminish as time passed
(Supplemental Fig. S5). Until 2050, it was predicted that the
greater the C inputs, the greater the change in soil C stocks, but
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after 2050 even when there were high C inputs sustained over
a 12-yr period, there were little or no changes in soil C stocks,
regardless of treatment or RCP scenario (Fig. 2; http://bit.ly/
AgSoilC). The exception to this was the grass treatment that
continued to sequester soil C until 2100 with the same or more
C input through plant biomass and often half the heterotrophic
soil CO2 emissions of the cropped treatments (Fig. 1, Fig. 2). The
method of calculating sequestration efficiency of the different
treatments allowed a comparison of changes in soil C stocks after
accounting for differences in C inputs (Supplemental Fig. S5).
This idea is similar to that of the additions required to maintain
soil C levels and draws similar conclusions for similar system
changes (Wilhelm et al., 2004; Kong et al., 2005; Wang et al.,
2016).
Our results suggest that regardless of crop intensity, a large
proportion of C retained in these dryland soils occurs before
2050 (Fig. 1b). After this point, net C outputs are greater than
net inputs and topsoil (0–20 cm) C stocks decline. While many
different management strategies may avoid this and help producers adapt to climate change impacts (e.g., cover-cropping, better
PUE, drought-resistant crop varieties, better residue management (Plaza-Bonilla et al., 2015), increasing crop diversity and
reducing the time in fallow maintained without growing vegetation can help increase SOM immediately, making the soil more
resilient to climate change impacts (e.g., by improving water
holding capacity) before they become more severe in the latter
half of the 21st century (Altieri et al., 2015; Altieri and Nicholls,
2017). However, it is also important consider that impacts of
SOM on soil available water are also related to texture (Minasny
and Mcbratney, 2017). The complex feedbacks between SOM

and crop production are greatly simplified by the DayCent
model, and therefore it is possible that the predicted SOM gains
realized by 2050 increase nutrient and water retention, stimulating further crop production and more SOC sequestration.
However, the inverse is also possible, and SOM may be more
sensitive to climatic change than the model suggests. These are
fundamental limitations of using any ecosystem model (including DayCent) to simplify complex mechanisms and should be
assessed alongside other sources of uncertainty.

Policy Considerations to Increase Soil Organic Matter in
Dryland Agriculture under Climate Change
When conservation agriculture practices are widely adopted,
many of the impacts are public benefits (e.g., reduced CO2 emissions and conserved soil biodiversity), but most of the costs
are internalized by producers (Knowler and Bradshaw, 2007).
Therefore, to successfully encourage these conservation agriculture practices, policy must help to address and mitigate these
costs. In drylands, a large private cost of conservation agriculture
can be the opportunity cost of not using the crop residues for
livestock fodder or as a bioenergy feedstock (Miner et al., 2013;
Plaza-Bonilla et al., 2015). Developing C markets that include
sequestration in soils has the potential to help offset these costs
(Pautsch et al., 2001), but implementation has proven to be difficult and inefficient (Antle and Diagana, 2003; Simone et al.,
2017). Public policy to facilitate a transition toward increased
cropping intensity/diversity specifically appears to be more realistic, but implementation began only recently worldwide ( Joshi et
al., 2004; Alauddin and Quiggin, 2008; Binswanger-Mkhize and
Savastano, 2017). Global trends suggest that dryland producers

Fig. 2. Relationship between the C inputs
(g C m−2) averaged over two 12-yr phases
(2010–2022, upper panels; 2082–2093, lower
panels), and the change in soil C stocks (g C
m−2, 0–20 cm) over the same 12-yr phases.
The points of four treatments of increasing cropping intensity and one grassland
treatment are plotted by color (wheat–fallow
[WF], green; wheat–corn–fallow [WC], red;
wheat–corn–millet–fallow [WCMF], black;
continuous [nonmonoculture] cropping
[CC], blue; grass, orange), along with a linear
regression estimated over all available
points. Plotted data points simulated by
DayCent for two climate change scenarios
(RCP 4.5, left panels; RCP 8.5, right panels)
include three sites, multiple rotation entry
points, and up to 16 global circulation model
inputs (see Fig. 1 caption for more detail).
See moving GIF at http://bit.ly/AgSoilC for
sequence of all 12-yr phases between 2010
and 2100. SOC, soil organic C.
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are beginning to move toward increased cropping intensity and
diversity as studies indicate these systems can maintain high
annualized yields and be more resilient to various impacts of
climate change (Smith and Young, 2000; Holt-Giménez, 2002;
Olesen et al., 2011; Challinor et al., 2014; Karimi et al., 2017).
Furthermore, producers are beginning to recognize that increasing crop diversity can reduce the risk associated with crop failure.
Effective policy measures that improve marketing infrastructure
(especially for “minor” crops) and on-farm technology and that
change perceptions of risk can take advantage of these trends,
ultimately increasing SOM through more soil C inputs (Maaz
et al., 2017). The move away from traditional WF systems has
already begun (Hansen et al., 2012; Maaz et al., 2017), but our
results suggest that a gradual increase in intensification is less
beneficial than adopting continuous cropping directly, both
regarding yields and SOC under climate change (Table 1; Fig. 1).

Conclusion
Our objective was to evaluate how dryland agricultural management in semiarid climates could build and maintain SOM
while also maintaining yields under current and future climates.
More intensively cropped rotations have the greatest potential
for annualized yields as well as the highest soil C sequestration
rates. This is advantageous to producers and has the added benefits of helping mitigate climate change and improve soil quality. With climate change impacts likely to increase drought
frequency over the coming century, management systems need
to be both resilient and flexible given unpredictable conditions.
Studies such as ours provide the scientific basis for implementing
such management practices, ultimately informing effective agricultural policy. Incentivizing cropping intensification in dryland
systems can provide win-win outcomes that maintain yields and
mitigate the CO2 emissions associated with agriculture.

Acknowledgments
The authors thank Kevin Larson and J.R. Herman for their help with
the long-term plot management, Mike Whitfield for helpful code for
the sensitivity analysis, and Steve Del Grosso for useful discussion on
simulating the three long-term experimental sites. Funding for this work
was provided by USDA-ARS Cooperative Agreement 58-5402-4-016.

References

Abatzoglou, J.T. 2013. Development of gridded surface meteorological data for
ecological applications and modelling. Int. J. Climatol. 33(1):121–131.
Advanced Research Projects Agency-Energy. 2016. ROOTS: Rhizosphere
Observations Optimizing Terrestrial Sequestration. ARPA-E, USDOE.
https://arpa-e.energy.gov/?q=arpa-e-programs/roots.
Alauddin, M., and J. Quiggin. 2008. Agricultural intensification, irrigation, and
the environment in South Asia: Issues and policy options. Ecol. Econ.
65(1):111–124. doi:10.1016/j.ecolecon.2007.06.004
Allison, F.E. 1973. Soil organic matter and its role in crop production. Vol. 3.
Elsevier, Amsterdam. doi:10.1016/S0166-2481(08)70557-9
Altieri, M.A., and C.I. Nicholls. 2017. The adaptation and mitigation potential
of traditional agriculture in a changing climate. Clim. Change 140(1):33–
45. doi:10.1007/s10584-013-0909-y
Altieri, M.A., C.I. Nicholls, A. Henao, and M.A. Lana. 2015. Agroecology and
the design of climate change-resilient farming systems. Agron. Sustain.
Dev. 35(3):869–890.
Anderson, R.C. 2006. Evolution and origin of the central grassland of North
America: Climate, fire, and mammalian grazers. J. Torrey Bot. Soc. 133:626–
647. doi:10.3159/1095-5674(2006)133[626:EAOOTC]2.0.CO;2
Antle, J.M., and B. Diagana. 2003. Creating incentives for the adoption of
sustainable agricultural practices in developing countries: The role
of soil carbon sequestration. Am. J. Agric. Econ. 85(5):1178–1184.
doi:10.1111/j.0092-5853.2003.00526.x
692

Asseng, S., F. Ewert, C. Rosenzweig, J.W. Jones, J.L. Hatfield, A.C. Ruane, et al.
2013. Uncertainty in simulating wheat yields under climate change. Nat.
Clim. Chang. 3(9):827–832. doi:10.1038/nclimate1916
Axelrod, D.I. 1985. Rise of the grassland biome, central North America. Bot.
Rev. 51:163–201. doi:10.1007/BF02861083
Binswanger-Mkhize, H.P., and S. Savastano. 2017. Agricultural intensification:
The status in six African countries. Food Policy 67:26–40. doi:10.1016/j.
foodpol.2016.09.021
Bot, A., F. Nachtergaele, and A. Young. 2000. Land resource potential and constraints at regional and country levels. World Soil Resources Rep. 90. FAO,
Rome.
Bradford, M.A., W.R. Wieder, G.B. Bonan, N. Fierer, P.A. Raymond, and T.W.
Crowther. 2016. Managing uncertainty in soil carbon feedbacks to climate
change. Nat. Clim. Chang. 6(8):751–758. doi:10.1038/nclimate3071
Butler, J.H., and S.A. Montzka. 2017. The NOAA annual greenhouse gas index
(AGGI). NOAA. https://www.esrl.noaa.gov/gmd/aggi/aggi.html.
Campbell, C.A., H.H. Janzen, K. Paustian, E.G. Gregorich, L. Sherrod, B.C. Liang, and R.P. Zentner. 2005. Carbon storage in soils of the North American Great Plains. Agron. J. 97(2):349–363. doi:10.2134/agronj2005.0349
Challinor, A.J., J. Watson, D.B. Lobell, S.M. Howden, D.R. Smith, and N. Chhetri. 2014. A meta-analysis of crop yield under climate change and adaptation. Nat. Clim. Chang. 4(4):287.
Delgado, J.A., M.A. Nearing, C.W. Rice, and L.S. Donald. 2013. Conservation practices for climate change adaptation. Adv. Agron. 121:47–115.
doi:10.1016/B978-0-12-407685-3.00002-5
Deng, X.P., L. Shan, H. Zhang, and N.C. Turner. 2006. Improving agricultural
water use efficiency in arid and semiarid areas of China. Agric. Water Manage. 80(1–3):23–40. doi:10.1016/j.agwat.2005.07.021
Deryng, D., W.J. Sacks, C.C. Barford, and N. Ramankutty. 2011. Simulating the effects of climate and agricultural management practices on global crop yield.
Global Biogeochem. Cycles 25(2):GB2006. doi:10.1029/2009GB003765
Fischer, R.A., D. Rees, K.D. Sayre, Z.M. Lu, A.G. Condon, and A.L. Saavedra.
1998. Wheat yield progress associated with higher stomatal conductance
and photosynthetic rate, and cooler canopies. Crop Sci. 38(6):1467–1475.
doi:10.2135/cropsci1998.0011183X003800060011x
Food and Agriculture Organization. 2008. Drylands, people and land use. In: P.
Koohafkan and B.A. Stewart, editors, Water and cereals in drylands. FAO,
Rome. p. 5–16.
García-Torres, L., J. Benites, A. Martínez-Vilela, and A. Holgado-Cabrera, editors. 2013. Conservation agriculture: Environment, farmers experiences,
innovations, socio-economy, policy. Springer Science & Business Media,
Dordrecht, the Netherlands.
Govers, G., R. Merckx, B.V. Wesemael, and K.V. Oost. 2017. Soil conservation
in the 21st century: Why we need smart agricultural intensification. Soil
3(1):45–59. doi:10.5194/soil-3-45-2017
Haas, H.J., C.E. Evans, and E.F. Miles. 1957. Nitrogen and carbon changes in
Great Plains soils as influenced by cropping and soil treatments. No. 1164.
USDA, Washington, DC.
Halvorson, A.D., G.A. Peterson, and C.A. Reule. 2002. Tillage system and crop
rotation effects on dryland crop yields and soil carbon in the central Great
Plains. Agron. J. 94(6):1429–1436. doi:10.2134/agronj2002.1429
Hansen, N.C., B.L. Allen, R.L. Baumhardt, and D.J. Lyon. 2012. Research achievements and adoption of no-till, dryland cropping in the semi-arid US Great
Plains. Field Crops Res. 132:196–203. doi:10.1016/j.fcr.2012.02.021
Holt-Giménez, E. 2002. Measuring farmers’ agroecological resistance after Hurricane Mitch in Nicaragua: A case study in participatory, sustainable land
management impact monitoring. Agric. Ecosyst. Environ. 93(1–3):87–
105. doi:10.1016/S0167-8809(02)00006-3
Huang, J., H. Yu, X. Guan, G. Wang, and R. Guo. 2016. Accelerated dryland
expansion under climate change. Nat. Clim. Chang. 6(2):166–171.
Jones, C., C. McConnell, K. Coleman, P. Cox, P. Falloon, D. Jenkinson, and D.
Powlson. 2005. Global climate change and soil carbon stocks; predictions
from two contrasting models for the turnover of organic carbon in soil.
Glob. Change Biol. 11(1):154–166.
Joshi, P.K., A. Gulati, P.S. Birthal, and L. Tewari. 2004. Agriculture diversification in South Asia: Patterns, determinants, and policy implications. Econ.
Polit. Wkly. 39:2457–2467.
Karimi, T., C.O. Stockle, S.S. Higgins, R.L. Nelson, and D. Huggins. 2017. Projected dryland cropping system shifts in the Pacific Northwest in response
to climate change. Front. Ecol. Evol. 5:20. doi:10.3389/fevo.2017.00020
Knowler, D., and B. Bradshaw. 2007. Farmers’ adoption of conservation agriculture: A review and synthesis of recent research. Food Policy 32(1):25–48.
doi:10.1016/j.foodpol.2006.01.003
Ko, J., L.R. Ahuja, S.A. Saseendran, T.R. Green, L. Ma, D.C. Nielsen, and C.L.
Walthall. 2012. Climate change impacts on dryland cropping systems in
the Central Great Plains, USA. Clim. Change 111(2):445–472.
Journal of Environmental Quality

Kong, A.Y., J. Six, D.C. Bryant, R.F. Denison, and C. Van Kessel. 2005. The relationship between carbon input, aggregation, and soil organic carbon stabilization in sustainable cropping systems. Soil Sci. Soc. Am. J. 69(4):1078–
1085. doi:10.2136/sssaj2004.0215
Latshaw, W.L., and E.C. Miller. 1924. Elemental composition of the corn plant.
J. Agric. Res. 27(11):845–861.
Lee, J.H., and J. Six. 2010. Effect of climate change on field crop production and
greenhouse gas emissions in the California’s Central Valley. In: R. Gilkes
and N. Prakongkep, editors, Proceedings of the 19th World Congress of
Soil Science: Soil solutions for a changing world, Brisbane, Australia. International Union of Soil Sciences, Crawley, Australia. pp. 1–6.
Letter, D.W., R. Seidel, and W. Liebhardt. 2003. The performance of organic and
conventional cropping systems in an extreme climate year. Am. J. Altern.
Agric. 18(3):146–154. doi:10.1079/AJAA200345
Lugato, E., K. Paustian, P. Panagos, A. Jones, and P. Borrelli. 2016. Quantifying the erosion effect on current carbon budget of European agricultural
soils at high spatial resolution. Glob. Change Biol. 22(5):1976–1984.
doi:10.1111/gcb.13198
Maaz, T., J. Wulfhorst, V. McCracken, J. Kirkegaard, D.R. Huggins, I. Roth, H.
Kaur, and W. Pan. 2017. Economic, policy, and social trends and challenges of introducing oilseed and pulse crops into dryland wheat cropping
systems. Agric. Ecosyst. Environ. 253:177–194.
Meersmans, J., D. Arrouays, A.J. Van Rompaey, C. Pagé, S. De Baets, and T.A. Quine.
2016. Future C loss in mid-latitude mineral soils: Climate change exceeds land
use mitigation potential in France. Sci. Rep. 6:35798. doi:10.1038/srep35798
Minasny, B., and A.B. Mcbratney. 2017. Limited effect of organic matter on soil
available water capacity. Eur. J. Soil Sci. doi:10.1111/ejss.12475
Miner, G.L., N.C. Hansen, D. Inman, L.A. Sherrod, and G.A. Peterson. 2013.
Constraints of no-till dryland agroecosystems as bioenergy production systems. Agron. J. 105(2):364–376. doi:10.2134/agronj2012.0243
Muñoz-Rojas, M., S.K. Abd-Elmabod, L.M. Zavala, D. De la Rosa, and A.
Jordán. 2017. Climate change impacts on soil organic carbon stocks of
Mediterranean agricultural areas: A case study in northern Egypt. Agric.
Ecosyst. Environ. 238:142–152. doi:10.1016/j.agee.2016.09.001
Nielsen, D.C., D.J. Lyon, and J.J. Miceli-Garcia. 2017. Replacing fallow with forage triticale in a dryland wheat–corn–fallow rotation may increase profitability. Field Crops Res. 203:227–237. doi:10.1016/j.fcr.2016.12.005
Nielsen, D.C., P.W. Unger, and P.R. Miller. 2005. Efficient water use in dryland cropping systems in the Great Plains. Agron. J. 97(2):364–372.
doi:10.2134/agronj2005.0364
Nordstrom, K.F., and S. Hotta. 2004. Wind erosion from cropland in the USA:
A review of problems, solutions and prospects. Geoderma 121(3–4):157–
167. doi:10.1016/j.geoderma.2003.11.012
Olesen, J.E., M. Trnka, K.C. Kersebaum, A.O. Skjelvåg, B. Seguin, P. PeltonenSainio, et al. 2011. Impacts and adaptation of European crop production
systems to climate change. Eur. J. Agron. 34(2):96–112. doi:10.1016/j.
eja.2010.11.003
Pan, G., P. Smith, and W. Pan. 2009. The role of soil organic matter in maintaining the productivity and yield stability of cereals in China. Agric. Ecosyst.
Environ. 129(1–3):344–348. doi:10.1016/j.agee.2008.10.008
Parton, W.J., M. Hartman, D. Ojima, and D. Schimel. 1998. DAYCENT and
its land surface submodel: Description and testing. Global Planet. Change
19(1-4):35–48. doi:10.1016/S0921-8181(98)00040-X
Parton, W.J., J.M.O. Scurlock, D.S. Ojima, D.S. Schimel, and D.O. Hall. 1995.
Impact of climate change on grassland production and soil carbon worldwide. Glob. Change Biol. 1(1):13–22. doi:10.1111/j.1365-2486.1995.
tb00002.x
Paustian, K., E.T. Elliott, G.A. Peterson, and K. Killian. 1996. Modelling climate,
CO2, and management impacts on soil carbon in semi-arid agroecosystems. Plant Soil 187(2):351–365. doi:10.1007/BF00017100
Paustian, K., J. Lehmann, S. Ogle, D. Reay, G.P. Robertson, and P. Smith.
2016. Climate-smart soils. Nature 532(7597):49–57. doi:10.1038/
nature17174
Pautsch, G.R., L.A. Kurkalova, B.A. Babcock, and C.L. Kling. 2001. The efficiency of sequestering carbon in agricultural soils. Contemp. Econ. Policy
19(2):123–134. doi:10.1111/j.1465-7287.2001.tb00055.x
Peterson, G.A., A.D. Halvorson, J.L. Havlin, O. Jones, D.J. Lyon, and D.L. Tanaka. 1998. Reduced tillage and increasing cropping intensity in the Great
Plains conserves soil C. Soil Tillage Res. 47(3–4):207–218. doi:10.1016/
S0167-1987(98)00107-X
Peterson, G.A., A.J. Schlegel, D.L. Tanaka, and O.R. Jones. 1996. Precipitation
use efficiency as affected by cropping and tillage systems. J. Prod. Agric.
9(2):180–186. doi:10.2134/jpa1996.0180
Peterson, G.A., and D.G. Westfall. 2004. Managing precipitation use in sustainable dryland agroecosystems. Ann. Appl. Biol. 144(2):127–138.
doi:10.1111/j.1744-7348.2004.tb00326.x
Journal of Environmental Quality

Peterson, G.A., D.G. Westfall, and C.V. Cole. 1993. Agroecosystem approach to
soil and crop management research. Soil Sci. Soc. Am. J. 57(5):1354–1360.
doi:10.2136/sssaj1993.03615995005700050032x
Pinheiro, J., D. Bates. S. DebRoy, D. Sarkar, and R Core Team. 2017. nlme:
Linear and nonlinear mixed effects models. R package version 3.1-131.
https://CRAN.R-project.org/package=nlme.
Plaza-Bonilla, D., J. Álvaro-Fuentes, and C. Cantero-Martínez. 2014. Identifying
soil organic carbon fractions sensitive to agricultural management practices. Soil Tillage Res. 139:19–22. doi:10.1016/j.still.2014.01.006
Plaza-Bonilla, D., J.L. Arrúe, C. Cantero-Martínez, R. Fanlo, A. Iglesias, and J.
Álvaro-Fuentes. 2015. Carbon management in dryland agricultural systems: A review. Agron. Sustain. Dev. 35(4):1319–1334.
Powlson, D.S., C.M. Stirling, C. Thierfelder, R.P. White, and M.L. Jat. 2016.
Does conservation agriculture deliver climate change mitigation through
soil carbon sequestration in tropical agro-ecosystems? Agric. Ecosyst. Environ. 220:164–174. doi:10.1016/j.agee.2016.01.005
PRISM Climate Group. 2015 Parameter-elevation Regressions on Independent
Slopes model. Oregon State University. http://prism.oregonstate.edu.
R Core Team. 2017. R: A language and environment for statistical computing. R
Foundation for Statistical Computing, Vienna. https://www.R-project.org/.
Rasmussen, P.E., R.R. Allmaras, C.R. Rohde, and N.C. Roager. 1980.
Crop residue influences on soil carbon and nitrogen in a wheatfallow system. Soil Sci. Soc. Am. J. 44(3):596–600. doi:10.2136/
sssaj1980.03615995004400030033x
Rasmussen, P.E., and W.J. Parton. 1994. Long-term effects of residue management in wheat–fallow: I. Inputs, yield, and soil organic matter. Soil Sci. Soc. Am. J. 58(2):523–530. doi:10.2136/
sssaj1994.03615995005800020039x
Rauf, S., J.M. Al-Khayri, M. Zaharieva, P. Monneveux, and F. Khalil. 2016.
Breeding strategies to enhance drought tolerance in crops In: J.M. AlKhayri, S.M. Jain, D.V. Johnson. Advances in plant breeding strategies: Agronomic, abiotic, and biotic stress traits. Springer Int., Cham, Switzerland.
p. 397–445. doi:10.1007/978-3-319-22518-0_11
Reeves, D.W. 1997. The role of soil organic matter in maintaining soil quality in continuous cropping systems. Soil Tillage Res. 43(1-2):131–167.
doi:10.1016/S0167-1987(97)00038-X
Reynolds, J.F., F.T. Maestre, P.R. Kemp, D.M.S. Smith, and E.F. Lambin.
2007. Natural and human dimensions of land degradation in drylands:
Causes and consequences. In: J. Canadell, D. Pataki, and L. Pitelka,
editors, Terrestrial ecosystems in a changing world. Springer, Berlin.
doi:10.1007/978-3-540-32730-1_20
Rosenzweig, C., J. Elliott, D. Deryng, A.C. Ruane, C. Müller, A. Arneth, et al.
2014. Assessing agricultural risks of climate change in the 21st century in
a global gridded crop model intercomparison. Proc. Natl. Acad. Sci. USA
111(9):3268–3273. doi:10.1073/pnas.1222463110
Rosenzweig, C., J.W. Jones, J.L. Hatfield, A.C. Ruane, K.J. Boote, P. Thorburn, et
al. 2013. The agricultural model intercomparison and improvement project (AgMIP): Protocols and pilot studies. Agric. For. Meteorol. 170:166–
182. doi:10.1016/j.agrformet.2012.09.011
Sainju, U.M., A.W. Lenssen, T. Caesar-TonThat, and R.G. Evans. 2009. Dryland crop yields and soil organic matter as influenced by long-term tillage and cropping sequence. Agron. J. 101(2):243–251. doi:10.2134/
agronj2008.0080x
Schillinger, W. F., and Papendick, R. I. 2008. Then and now: 125 years of dryland
wheat farming in the inland Pacific Northwest. Agron. J. 100(Supplement
3):S-166.
Schlegel, A.J., Y. Assefa, L.A. Haag, C.R. Thompson, J.D. Holman, and L.R.
Stone. 2017. Yield and soil water in three dryland wheat and grain sorghum
rotations. Agron. J. 109(1):227–238. doi:10.2134/agronj2016.07.0387
Sherrod, L.A., L.R. Ahuja, N.C. Hansen, J.C. Ascough, D.G. Westfall, and G.A.
Peterson. 2014. Soil and rainfall factors influencing yields of a dryland
cropping system in Colorado. Agron. J. 106(4):1179–1192. doi:10.2134/
agronj13.0520
Sherrod, L.A., G. Dunn, G.A. Peterson, and R.L. Kolberg. 2002. Inorganic carbon analysis by modified pressure-calcimeter method. Soil Sci. Soc. Am. J.
66(1):299–305. doi:10.2136/sssaj2002.2990
Sherrod, L.A., G.A. Peterson, D.G. Westfall, and L.R. Ahuja. 2003. Cropping
intensity enhances soil organic carbon and nitrogen in a no-till agroecosystem. Soil Sci. Soc. Am. J. 67(5):1533–1543. doi:10.2136/sssaj2003.1533
Simone, T.E., D.M. Lambert, I. Cuvaca, and N.S. Eash. 2017. Soil carbon sequestration, carbon markets, and conservation agriculture practices: A
hypothetical examination in Mozambique. Int. Soil Water Conserv. Res.
5(3):167–179. doi:10.1016/j.iswcr.2017.06.001
Six, J., R.T. Conant, E.A. Paul, and K. Paustian. 2002. Stabilization mechanisms
of soil organic matter: Implications for C-saturation of soils. Plant Soil
241(2):155–176. doi:10.1023/A:1016125726789
693

Smith, E., and D.L. Young. 2000. The economic and environmental revolution in
semi-arid cropping in North America. Ann. Arid Zone 39:347–362.
Stewart, C.E., K. Paustian, R.T. Conant, A.F. Plante, and J. Six. 2007. Soil carbon saturation: Concept, evidence, and evaluation. Biogeochemistry
86(1):19–31. doi:10.1007/s10533-007-9140-0
Stewart, R., and C.T. Hirst. 1914. Nitrogen and organic matter in dry-farm soils.
Agron. J. 6:49–56. doi:10.2134/agronj1914.00021962000600020001x
Szott, L.T., C.A. Palm, and R.J. Buresh. 1999. Ecosystem fertility and fallow
function in the humid and subhumid tropics. Agrofor. Syst. 47(1–3):163–
196. doi:10.1023/A:1006215430432
Tatsumi, K., Y. Yamashiki, R. Valmir da Silva, K. Takara, Y. Matsuoka, K.
Takahashi, and N. Kawahara. 2011. Estimation of potential changes in
cereals production under climate change scenarios. Hydrol. Processes
25(17):2715–2725. doi:10.1002/hyp.8012
Thierfelder, C., L. Rusinamhodzi, P. Setimela, F. Walker, and N.S. Eash. 2016.
Conservation agriculture and drought-tolerant germplasm: Reaping
the benefits of climate-smart agriculture technologies in central Mozambique. Renew. Agric. Food Syst. 31(5):414–428. doi:10.1017/
S1742170515000332
Thomsen, I.K., and B.T. Christensen. 2004. Yields of wheat and soil carbon
and nitrogen contents following long‐term incorporation of barley straw
and ryegrass catch crops. Soil Use Manage. 20(4):432–438. doi:10.1079/
SUM2004281
Thomson, A.M., R.C. Izaurralde, N.J. Rosenberg, and X. He. 2006. Climate
change impacts on agriculture and soil carbon sequestration potential in
the Huang-Hai Plain of China. Agric. Ecosyst. Environ. 114(2–4):195–
209. doi:10.1016/j.agee.2005.11.001
USDA. 2016. Quick stats. USDA National Agricultural Statistics Service.
https://quickstats.nass.usda.gov/ (accessed 10 Aug. 2016).
USGS. 2016. Geo data portal. https://cida.usgs.gov/gdp/client/#!catalog/gdp/
dataset/5752f2d9e4b053f0edd15628 (accessed 10 Aug. 2016).
Valin, H., P. Havlik, A. Mosnier, M. Herrero, E. Schmid, and M. Obersteiner.
2013. Agricultural productivity and greenhouse gas emissions: Trade-offs
or synergies between mitigation and food security? Environ. Res. Lett.
8(3):035019. doi:10.1088/1748-9326/8/3/035019
Vereecken, H., A. Schnepf, J.W. Hopmans, M. Javaux, D. Or, T. Roose, et al.
2016. Modeling soil processes: Review, key challenges, and new perspectives. Vadose Zone J. 15(5). doi:10.2136/vzj2015.09.0131

694

Wall, D.H., and R.D. Bardgett, editors. 2012. Soil ecology and ecosystem services. Oxford Univ. Press, Oxford, UK. doi:10.1093/acprof:o
so/9780199575923.001.0001
Wang, G., Z. Luo, P. Han, H. Chen, and J. Xu. 2016. Critical carbon input to
maintain current soil organic carbon stocks in global wheat systems. Sci.
Rep. 6:19327. doi:10.1038/srep19327
Wells, P.V. 1970. Historical factors controlling vegetation patterns and floristic
distributions in the central plains region of North America. In: W. Dort
and J.K. Jones, editors, Pleistocene and recent environments of the central
Great Plains. University of Kansas Press, Lawrence. p. 211–221.
West, T.O., and W.M. Post. 2002. Soil organic carbon sequestration rates by tillage and crop rotation. Soil Sci. Soc. Am. J. 66(6):1930–1946. doi:10.2136/
sssaj2002.1930
Wiesmeier, M., C. Poeplau, C.A. Sierra, H. Maier, C. Frühauf, R. Hübner, et al.
2016. Projected loss of soil organic carbon in temperate agricultural soils
in the 21st century: Effects of climate change and carbon input trends. Sci.
Rep. 6:32525.
Wilhelm, W.W., J.M. Johnson, J.L. Hatfield, W.B. Voorhees, and D.R. Linden.
2004. Crop and soil productivity response to corn residue removal. Agron.
J. 96(1):1–17. doi:10.2134/agronj2004.0001
Yang, S., B. Vanderbeld, J. Wan, and Y. Huang. 2010. Narrowing down the targets: Towards successful genetic engineering of drought-tolerant crops.
Mol. Plant 3(3):469–490. doi:10.1093/mp/ssq016
Yang, Y., D.L. Liu, M.R. Anwar, G. O’Leary, I. Macadam, and Y. Yang. 2016.
Water use efficiency and crop water balance of rainfed wheat in a semi-arid
environment: sensitivity of future changes to projected climate changes
and soil type. Theor. Appl. Climatol. 123(3–4):565–579.
Zhang, Y. 2016. Simulating canopy dynamics, productivity and water balance
of annual crops from field to regional scales. PhD diss., Colorado State
University.
Zhao, C., B. Liu, S. Piao, X. Wang, D.B. Lobell, Y. Huang, M. Huang, Y. Yao,
S. Bassu, P. Ciais, J.L. Durand, J. Elliot, F. Ewert, I.A. Janssens, T. Li, E.
Lin, Q. Liu, P. Martre, C. Müller, S. Peng, J. Peñuelas, A.C. Ruane, D. Wallach, T. Wang, D. Wu, Z. Liu, Y. Zhu, Z. Zhu, and S. Asseng. 2017. Temperature increase reduces global yields of major crops in four independent
estimates. Proc. Natl. Acad. Sci. USA 114(35):9326–9331. doi:10.1073/
pnas.1701762114

Journal of Environmental Quality

